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Decision Tree Representation of Spam Mail Features
by Machine Learning

Manabu Sugii', Hiroshi Matsuno®
1 Media and Information Technology Center, Organization for Academic Information,
Yamaguchi University

2 Graduate School of Science and Engineering, Yamaguchi University

We have tried to identify features of spam mails using machine learning system with a
combination of word sequence analysis and the appearing rate of words. This machine Jearning system
creates a decision tree as the classification rule from positive and negative examples by analyzing the
distinctive features of words and its appearing patterns in a sentence. We discussed architecture aﬁd.plan
for constructing spam mail filter system on the basis of the decision tree functions getting from
computational experiments of this research. | ‘ ‘
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