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Particle Swarm Optimization [Z & 2 ZEEBEMOEXKIERR

SEARCH FOR MAXIMUM OF MULTIMODAL FUNCTION
USING EXTENDED PARTICLE SWARM OPTIMIZATION
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Particle Swarm Optimization (PSO) is one of the latest population-based optimization methods, which
does not use the filtering operation (such as crossover and/or mutation) and the members of the entire
population are maintained through the search procedure. Like other meta-heuristics, original PSO 1s
designed to locate a unique single optimum solution. However, problems exist where several solutions or
even an exhaustive search of all the multiple global optimum solutions are necessary. This paper

introduces an extended PSO for locating all the global optimum solutions of multimodal function.
Key Words: Particle Swarm Optimization, Multimodal function, Global optimization
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1 . 0.100 | 1.

2 | 1.860 | 0.500 | 0.100 | 1.
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