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Empirical Study of Discrete Particle Swarm Optimization for the knapsack problem
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Abstract Particle swarm optimization (PSO) is a novel multi agent optimization system inspired by social
behavior of bird flocking or fish schooling. In PSO, instead of using more traditional genetic operators,
each particle (individual) adjusts its ”flying” according to its own flying experience and its companions
flying experience. This paper will compare the performance of the discrete PSO and Genetic Algorithms
on sets of combinatorial problems. Moreover, the experimental results indicate that the PSO is a promising

optimization method for combinatorial problems and the PSO always converges very quickly towards the

optimal positions.
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