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Bifurcations and Coexistence of Attractors for a Nonmonotonic Sequential

Associative Memory Model with Analogue Neurons
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Fig.1 Time evolution of overlap m(t) and variance of crosstalk noise, R(t), for

a = 0.1, § = 1.30, and T = 0.25. Dots denote trajectories by (a) com-

puter simulations (N = 30,000), and (b) theory. The initial overlaps are

m(0) = 0.1,0.2, and 1.0, respectively. The network reaches different at-
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Fig.2 Two-parameters bifurcation diagrams of parameters (6, ) for T = 0.10:
(a) diagram for attractors on invariant line m = 0, and (b) one for m > 0.
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Fig.3 Trajectories with 7= 0.10 in (a) the region A (o« = 0.3,0 = 1.4), and
(b) the region A’(av = 0.3,60 = 0.7).
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Fig.4 Trajectories with 7= 0.10 in (a) the region B(a = 0.2, = 1.5), and
(b) the region B’ (a = 0.2,60 = 0.2).
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Fig.6 Trajectories with T = 0.10 in (a) the region D (o = 0.1,6 = 1.00), and
(b) the region D’ (a = 0.01,60 = 0.7). Squares on the invariant line m = 0
denote a period-2 attractor, and circles denote a period-4 attractor. Both
the period-4 attractor and the period-2 attractor coexist in this region D’.
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Fig.7 Two-parameters bifurcation diagrams on invariant line m = 0. The ab-
scissa denotes 6 (0 < 6 < 1.695) and the ordinate denotes a (0.0001 < o <

0.37) on a logarithmic scale.
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0 (0 < 0 < 1.695) and the ordinate denotes o (0.0001 < o < 0.37) on a
logarithmic scale.
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Fig.12 A one-dimensional map of R. Broken and
solid lines denote map of binary neurons
model (T = 0) and one of analogue neurons
model (7" = 0.15), respectively.
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